1

3

[bookmark: _GoBack]








Descriptive, Predictive, and Prescriptive Statistics

Student’s Name
Institutional Affiliation
Date









Introduction
For business objectives, companies utilize statistics to extract data from vast volumes of data. Descriptive, predictive, and prescriptive statistics are the three major kinds of statistics. Data mining is a typical descriptive statistics technique that includes studying pre-existing databases to create historical data. Predictive statistics, on the other hand, aims to examine data in order to predict the possibility of a future result (Pease, Byerly, & Fitz-enz, 2012). As a result, the goal of predictive statistics is to provide actionable information about the likelihood of a future event.
Descriptive statistics refers to the use of stored real time data to analyze and get a better understanding of the trends and metrics. Additionally, it applies the process of data aggregation and data mining to ensure that there is enough data to be analyzed (Pease, Byerly, & Fitz-enz, 2012). It’s important to note that descriptive statistics provides accurate information since it’s usually based on the aggregated data at hand, such as the amount of stock a company sells in a day. Also, descriptive statistics uses a reactive approach to problems by responding to them after they have happened ((Pease, Byerly, & Fitz-enz, 2012)). An example of descriptive statistics is where learning management systems platforms and education systems use descriptive-analytical analysis and reporting to assist businesses and institutions to measure student performance to guarantee that all the set training goals and objectives are met.
	Predictive statistics deals with future forecasting by predicting the expected future trends. It’s important to note that it uses historical data to analyze future metrics. Predictive statistics applies the process of statistics and forecasting techniques in analyses (Fitz-Enz & John Mattox, 2014). Unlike descriptive statistics, it applies the proactive approach to analyze data by looking at future expected problems and coming up with future solutions. The results are not accurate since it’s impossible to tell what will happen in the future (Fitz-Enz & John Mattox, 2014). Examples include the use of a balanced scorecard, forecast reports of expected profits and sentimental analysis to determine all the positive, negative and neutral future outcomes.
	Prescriptive statistics prescribes several different possible ways of achieving a certain future goal and guides the actions towards a possible solution. It uses historical, transactional and real-time data in its analysis to ensure accuracy. Also, it tries to quantify the effects of all future decisions and advise on all possible outcomes before the future decisions are made (Fitz-Enz & John Mattox, 2014). It does not only predicts the future but tries to explain why it will happen, how and gives possible solutions to any deviations of expected future outcomes. It applies machine learning, algorithms and business rules process. A good example is where it is used in healthcare to enhance drug development and choose the right patients to set clinical trials.
Conclusion
	The contrasts can be derived from the differences outlined above. It can be easily noted that both predictive and prescriptive statistics uses historical data to predict the future. They also use a proactive approach to solving expected future problems. All three statistics use pattern identification and alerts to come up with the best actions to be invoked to correct a process. Predictive and prescriptive statistics use Monte Carlo simulation to come up with different random future outcomes.
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